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Abstract

More than half of the world population uses social media, with adolescents and young adults

aged 18-30 using social media the most. Although direct relationships between social media use

and symptoms of psychopathology (e.g., depression, anxiety) have been well-demonstrated, the

relationship it shares with some aspects from positive psychology, such as self-compassion, is

relatively understudied. Self-compassion entails a non-judgmental, present moment awareness

and an openness to one’s own suffering. Whereas one’s levels of psychopathology can capture

their proclivity to languish, levels of self-compassion can represent one’s aptness to flourish. The

present study first explored the relationship between social media use and mental illness

symptoms in an attempt to replicate prior research findings. The primary research goal, however,

was to investigate whether social media use predicted levels of self-compassion in college

students (N=182), controlling for the effects from various related secondary variables (e.g., the

Fear of Missing Out, social media addiction). Multiple linear regression was used to explore

these research objectives. The tendency for total social media use to negatively correlate with

self-compassion did not reach significance. However, other correlations and linear models

proved to be insightful. For example, of the five social media apps selected to be included in this

study, TikTok use was found to be a significant negative predictor of self-compassion; as was

anxiety/dependence to technology and the Fear of Missing Out. The findings from this study

warrant further investigation on the effects of social media use on the human psyche. Future

studies should continue to explore the effects of limiting social media use as well as using

self-compassion as an intervention for compulsive social media use.

Keywords: positive psychology, social media, TikTok, self-compassion, FoMO
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Analyzing the Relationship Between Social Media Use and Self-Compassion

Social media has only been around for about 20 years and yet more than 3 billion people

use it worldwide (Pew Research Center, 2021). Through using social media apps like Instagram,

Facebook, TikTok, Twitter, and Snapchat, people are able to meet and connect with others on a

larger scale than ever before. Moreover, thousands of new jobs have been created, social justice

initiatives are more easily promoted, and people are able to stay current on world news.

Although there are certainly benefits to the newly interconnected world we live in, there

is also evidence that the mass-use of social media could result in considerable consequences for

users, at both the individual and societal level. This is especially the case regarding the effects

that social media use can have on the human psyche. Since the inception of social media apps,

research has supported that their use can exacerbate poor mental health outcomes like anxiety

(Vannucci et al., 2017), depression (Lin et al., 2016), and low self-esteem (Vogel et al., 2014).

When taking into account the many areas of psychological study, a tremendous amount of

attention has been paid to psychopathology (i.e., the study of mental disorders) over the course of

the field’s history. The late 20th century ushered in a new subspecialty, however: positive

psychology. Founded by Martin Seligman in 1998, positive psychology focuses on gratification,

human potential, and how one can live life to the fullest (Seligman, 2002). Increasingly, studies

have begun to use measures designed to capture variables from positive psychology as a means

to gain a better understanding of the positive aspects of one's mind. In doing so, researchers can

more adequately capture a well-rounded comprehension of a person’s overall mental health, of

their struggles and their flourishing. In social media literature, the research has mainly focused

on psychopathology, so there is currently a lack of studies investigating the dynamic between

social media and aspects of positive psychology like self-compassion.
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Self-compassion involves a non-judgmental, present moment awareness and openness to

one’s own suffering. It fosters a need to alleviate the pain via self-kindness and an understanding

that suffering is an innate aspect of the human condition (Neff, 2003a). Self-compassion entails

three components: mindfulness as opposed to overidentification with the mind, self-kindness as

opposed to self-criticism, and common humanity as opposed to self-isolation. Self-compassion

has been linked to a wide variety of positive outcomes such as reduction in judgment towards

both the self and others (Neff, 2016). Antithetically, social media use has been associated with

increased social comparison and self-criticism (Feltman & Szymanski, 2018; Gilbert & Irons,

2009). Within self-compassion theory, self-worth is not contingent on outcomes such as “likes”

on social media, but is rather inherent to the individual. This is one example that demonstrates

the possible discordance between social media use and self-compassion.

In the present study, we sought to replicate prior findings on social media use and mental

illness as well as examine whether social media use predicted self-compassion levels. We

hypothesized that social media use would directly predict symptoms of psychopathology like

depression, anxiety, and stress; and that social media use would inversely predict levels of

mindfulness and self-compassion. We hypothesized that these models would be further explained

by a selection of variables including self-esteem, the Fear of Missing Out (FoMO),

anxiety/dependence to technology, social media affinity, social media fatigue, social media

addiction, as well as demographic variables like age and gender. The goal of this study was to

contribute to a more well-rounded foundation to research on the psychological effects of using

social media. The findings from this study could inform future studies like intervention research

aimed at limiting the amount of time one spends on social media apps and reducing the mental

health symptoms that have been associated with their use, perhaps by way of self-compassion.
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Social Media

Social media are digital social spaces, usually websites and/or mobile applications, where

users can create and share content and engage in social networking (Miller et al., 2016). Among

the most popular are social media apps like Instagram, Facebook, TikTok, Twitter, and Snapchat.

Using social media has palpable benefits at both the societal and individual level. By way of

social media, family members have been reunited, thousands of new jobs have been created, and

communication mediums are more advanced and efficient than ever before, allowing millions of

people to connect and interact virtually.

There are many reasons to use social media, and given its popularity, it’s evident that

many enjoy using social media for these various motives. Whiting and Williams (2013) found

that people provide the following ten reasons for using social media, starting in order with the

most frequently reported: social interaction (i.e., virtual socialization), information seeking (i.e.,

self-education), passing time, entertainment, relaxation, communicatory utility (i.e., users can

engage in public discourse), convenience utility (i.e., usefulness to individuals, such as being

able to advertise small businesses online), expression of opinion, information sharing, and lastly,

surveillance/knowledge about others. Despite these rationales for spending time on social media,

it has become increasingly apparent that the psychological costs may outweigh the benefits.

Since its inception, social media has garnered considerable research attention, especially

concerning its association with mental health outcomes. Increased rates of social media use have

been linked to higher levels of anxiety and depression (Lin et al., 2016; Vannucci et al., 2017;

Keles et al., 2020), lower self-esteem (Vogel et al., 2014), and poorer sleep quality (Woods &

Scott, 2016). Some studies suggest that susceptibility to mental illness and psychological distress

(e.g., anxiety) may depend on the number of social media accounts an individual has (Barry et
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al., 2017; Primack et al., 2017). Other findings suggest that the direct relationship between social

media use and neuroticism may be explained by the persons’ tendency to experience the Fear of

Missing Out (FoMO; Baker et al., 2016), or whether they exhibit signs of being addicted to

social media (Keles et al., 2020). However, the negative psychological effects of social media

use have been found to be mitigated by various factors, such as higher levels of self-esteem.

(Wang et al., 2018). Self-esteem, the Fear of Missing Out, and social media addiction are all

explained in more detail in later sections.

While the majority of social media studies have focused on the association between

social media use and poor mental health outcomes, one study by Hunt and colleagues (2018)

examined the psychological effects of limiting social media use. They found that reducing social

media use to about thirty minutes a day led to significant improvements in psychological

well-being. Furthermore, a study by Charmaraman and colleagues (2021) found that children's

(under 10) use of social media apps like Instagram or Snapchat significantly correlated with

problematic digital behavior outcomes later in adolescence or young adulthood, but that parental

restriction of smartphone use in childhood and a less frequent checking of social media mitigated

some of the negative outcomes. Research has demonstrated that while increased use results in

negative psychological outcomes, reduced social media use can moderate that effect and can

even result in psychological improvements. As more and more information about the effects of

social media use becomes known, an increasing amount of new research is defining novel

phenomena related to the use of social media, such as that of social media affinity, social media

addiction, and social media fatigue.



SOCIAL MEDIA AND SELF-COMPASSION 8

Social Media Affinity, Social Media Addiction, and Social Media Fatigue

Social Media Affinity. One’s affinity towards social media generally refers to one’s

perception of social media as being useful and enjoyable (Gerlich et al., 2010). Given the

immense popularity of social media, it is relatively safe to presume that millions (if not billions)

of people enjoy using social media and therefore experience some degree of affinity towards it.

Hoffman and Novak (2012) found that many people use social media due to basic needs for

autonomy, competence and relatedness, intrinsic and external motivations, as well as perceptions

of well-being. Children and adolescents who are growing up in this age of social media perceive

its use as being a vital aspect of their life, and this has a transformative effect on how they

interact with the people around them as well as technology in general (Akram & Kumar, 2017).

Social media affinity has been found to be an important predictor of satisfaction and loyalty

within a social media media network (Krishen et al., 2015).  As such, one's affinity towards

social media (or a lack thereof) is likely to influence how much time they spend using social

media and the overall attitude they take towards their use. In other words, the more someone

likes social media, the more they tend to use it.

Social Media Addiction. While some may own every social media app but choose to use

them sparingly, others spend as much as half of their waking hours looking at their screens.

Social media addiction has been operationalized as being a category of social media use that is so

extreme it is a detriment to one’s quality of life (Griffiths, 2012). An increasing amount of

evidence supports the notion that addiction to social media is on the rise, especially among youth

(Hogan & Strasburger, 2018; O’Keeffe et al., 2011). Sismek and colleagues (2019) found that the

majority of university and high school students have at least a moderate level of addiction to

social media. Addiction to social media has been found to result in potential psychological harm.
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Social media addiction has been found to be strongly associated with reduced overall

psychological well-being (Kuss & Griffiths, 2011). A study by Sriwilai and Charoensukmongkol

(2016) found that those who are highly addicted to social media displayed lower levels of

dispositional mindfulness. Hou and colleagues (2019) found that social media addiction was

negatively correlated with students' mental health and academic performance (i.e., more social

media addiction resulted in poorer mental health outcomes and academic performance), but that

this relationship was mitigated by higher levels of self-esteem. They then staged two self-help

interventions among a smaller sample of participants who demonstrated high rates of social

media addiction, and results showed that the intervention was efficient in not only lessening the

students’ social media addiction but also improving their mental health and academic

performance (Hou et al., 2019). For some, using social media more and more can result in a

disposition for social media addiction. For others, it can result in social media fatigue.

Social Media Fatigue. Although many people today use social media to some degree,

others refrain from using it altogether. This may be due to a mere disinterest in social media or a

result of something called social media fatigue. Social media fatigue is when users become so

overwhelmed with the amount of time they spend maintaining virtual connections with their

friends and followers online, they pull back from social media altogether (Technopedia, 2011).

Privacy concerns and self-confidence (or a lack thereof) appear to have the most predictive

power for social media fatigue (Bright et al., 2014), and the experience of this phenomenon has

been linked to higher levels of depression and anxiety (Dhir et al., 2018). Although social media

fatigue is on the rise among social media users, the conscious decision that many make to remain

involved in social networking reflects their belief that use provides outcomes more positive than

the discontinuance of use (Logan et al., 2018).
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Fear of Missing Out (FoMO)

Another factor that may play a role in the relationship between social media use and

psychological well-being is the Fear of Missing Out (FoMO; Elhai et al., 2016; Dempsey et al.,

2019). FoMO manifests as a fear or anxiety surrounding being “left out,” a feeling that tends to

be exacerbated by social media use (Reagle, 2015; Baker et al., 2016). Many social media users

frequently update their profiles with information as to their current activities and whereabouts.

People tend to idealize and romanticize their lives online (e.g., present their followers with a

more ‘perfect,’ i.e., edited, version of their lives than is accurate), which can lead to furthered

experiences of FoMO among their followers (Kross & Chandhok, 2020). This may result in

people feeling insecure and ostracized should they perceive their own life as being uninteresting

and uninviting when compared to those that they see on social media (Wang et al., 2019).

Moreover, this level of transparency online could lead to people noticing that they are actively

being left out in circumstances where they feel as though they should be included (i.e., a person

seeing on Snapchat that their friends are hanging out and having a blast without them meanwhile

they did not receive an invite). Where there used to be a sense of ambiguity as to what people

were doing in their spare time, social media has created a way for personal business to become

public information, where some choose to be very revealing and others choose higher privacy.

For those who frequently experience the phenomenon of FoMO, social media networking sites

are breeding groups for anxiety-provoking imagery that stirs up negative emotions like feelings

of inadequacy or jealousy. However, the FoMO tends to result in psychological repercussions.

FoMO has been linked to several negative psychological outcomes. Baker et al. (2016)

not only demonstrated a direct association between social media use and FoMO, but also found

that experiencing high rates of FoMO led to a decrease in mindfulness and an increase in
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depressive symptoms. Moreover, FoMO has been found to be a predictor of problematic social

media use and social media addiction (Blackwell et al., 2017; Franchina et al., 2018). FoMO has

also been found to be predicted by how emotionally invested an individual is in social media,

and high levels of emotional investment are directly correlated with both depression and anxiety

(Alsunni & Latif, 2020). For some, it’s probable that using social media both soothes and

exacerbates their FoMO (i.e., being on social media makes them simultaneously feel included

and excluded), a positive feedback loop that could become problematic. While some variables

like FoMO, social media addiction, and social media fatigue can exacerbate the negative effects

associated with social media use, others appear to potentially be protective against these harms,

such as high levels of self-esteem or mindfulness.

Self-Esteem

Self-esteem is a psychological construct that involves a self-evaluation of one’s own

worth and importance (Blascovich & Tomaka, 1991). Self-esteem typically results in feelings of

satisfaction or dissatisfaction when one contrasts their perceived self-image to their ideal one or

to that of another. Satisfaction with one’s own self-image is frequently contingent on upward or

downward comparison with the perceived self image of others (Silber & Tippet, 1965). Upward

comparison entails comparing oneself to someone perceived as being better, whereas downward

comparison involves comparing oneself to someone perceived as worse (Taylor & Lobel, 1989).

One example of this particular concept with regards to social media use is that body image

concerns have been found to be worsened by social media and the upward comparison that is

frequently involved in its use as users compare their bodies to ‘perfect’ ones that they see online

(Perloff, 2014; McComb & Mills, 2021).
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One's levels of self-esteem can be seen as being either protective or harmful concerning

its association with social media use. Having high self-esteem may be protective against the

negative psychological effects of social media use, whereas low self-esteem may exacerbate

these negative effects as well as feed into higher rates of use. Vogel and colleagues (2014) found

that social media users who engage in upward social comparison tend to be more insecure and

reported lower self-evaluations than those who engaged in downward comparison. Nevertheless,

excessive downward comparison can result in an inflated sense of self-esteem, which can also

result in negative implications for the person, such as an inclination towards narcissistic

tendencies (Andreassen et al., 2017; Neff & Vonk, 2009). Since social media use largely involves

social comparison, both upward and downward, it is likely difficult for users to engage with

social media in a way that will not affect their self-esteem in one way or another.

As such, the relationship between social media use and self-esteem is somewhat

paradoxical. On the one hand, social media use can boost one’s self-esteem by the validation

received through the “likes” they get on their posts or the number of followers they have. One

study found a link between positive online self-presentation and higher self-esteem in adults

entering college (Yang et al., 2017). For many others, however, engaging in upwards social

comparison on social media can lead to feelings of insecurity and jealousy (Muise et al., 2009;

Utz et al., 2015). In particular, addictive use of social media has been shown to correlate

negatively with self-esteem (Hawi & Samaha, 2017). Thus, self-esteem is among the variables

which could aid in explaining the relationship between social media use and poor mental health

outcomes. Also among the factors that could help explain this association is one’s capacity for

practicing a positive psychological term known as mindfulness.
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Mindfulness

Mindfulness is the non-judgemental consciousness that arises when one pays deliberate

attention to the present moment (Kabat-Zinn, 2003, p. 145). Mindfulness is also commonly

described as actively being in the moment as opposed to simply doing. Although practicing

mindfulness may sound relatively straightforward, our brain is not wired to be mindful. Research

shows that on average people are operating on autopilot (i.e., going through the motions of

activities without giving them much thought) 46.7% of the time (Killingsworth & Gilbert, 2010).

This is because most of the time our mind exists in its default mode, which generates our sense

of “self” and projects it into both the past (which is associated with rumination & depression)

and the future (associated with anxiety), thus resulting in the experience of not being present, in

the moment. Evolutionarily, this is likely due to survival needs (Broyd et al., 2009; Marchetti et

al., 2012), as humans once had to constantly worry for the sake of their own survival. In spite of

this, humans can make habits out of means to cultivate present moment awareness, and thus reap

the benefits of mindfulness (Shapiro et al., 2008) detailed below.

Mindfulness has been found to not only improve mental health and lead to a more

positive overall mood in practicing individuals, but it improves one’s perceived quality of life as

well (Greeson, 2008). Mindfulness can be promoted by mindfulness-based meditation, which has

been linked to improved emotional regulation, decreased reactivity and increased response

flexibility (Davis & Hayes, 2011). Furthermore, Kabat-Zinn (1990) proposed that one’s level of

mindfulness is representative of their capacity to place their undivided attention on any given

activity without being easily distracted by other things. As such, mindfulness can also be used as

an incredibly useful tool for retaining focus and concentration, such as in academic settings

(Leland, 2015), or when having to hold a pose or balance on one leg (Key et al., 2012).
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Of the various positive psychological concepts, mindfulness is one that has been widely

captured in a variety of social media studies. Mindfulness has been shown to have a negative

relationship with social media use, especially when the use verges on addiction (Sriwilai &

Charoensukmongkol, 2015). Other studies have shown that practicing mindfulness can moderate

the mental health repercussions of compulsive social media use (Apaolaza et al., 2019; Poon &

Jiang, 2020). Thus, while using social media may hinder one’s mindfulness levels, practicing

mindfulness can help alleviate the detriment associated with high rates of social media use.

Interestingly, mindfulness is a core component of another positive psychological variable known

as self-compassion.

Self-Compassion

Self-compassion involves a non-judgemental, present moment awareness and openness to

one's own suffering, and manifests as treating oneself with the same love and care that we would

give a friend enduring hardship (Neff, 2003a). According to Neff (2003a), self-compassion

involves three components: mindfulness, self-kindness, and common humanity. Mindfulness

involves deliberately fixating on being in the present moment and perceiving the feelings and

sensations that arise without judgment. Self-kindness entails responding to the voice of the inner

saboteur with forgiveness and kindness as opposed to self-criticism. Common humanity

acknowledges that suffering is an inevitable aspect of the collective human experience.

Self-compassion has been shown to be a healthier alternative conceptualization of the self when

compared to evaluating self-esteem (Neff, 2003b; Neff, 2009). Research shows that people are

far more likely to engage in self-criticism when they fail or make a mistake rather than be

understanding, forgiving, and compassionate with themselves (Gilbert & Irons, 2009). A

self-compassionate approach to a perceived failure, however, would be to forgive oneself in light
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of the mistake or shortcoming, rather than resort to harsh self-criticisms. Thus, self-compassion

has been proposed as being an antidote to self-criticism (McKay & Fanning, 1992), and has also

been directly associated with a wide variety of other benefits.

Self-compassion has been linked to improved psychological well-being, positive mental

health benefits, and adaptive functioning (Neff, 2004). Moreover, self-compassion has been

shown to decrease anxiety and provides practitioners with useful tools for promoting emotional

resilience in times of stress (Bluth & Neff, 2018; Ferrari et al., 2019; Neff & Germer, 2013).

Additionally, self-compassion has been reported as having significantly inverse associations with

both negative affect and neuroticism (MacBeth & Gumley, 2012; Neff et al., 2007).

To the best of our knowledge, there are only a handful of studies on self-compassion as it

relates to social media use. A recent study by Keyte and colleagues (2020) found that higher

rates of Instagram use were linked to higher levels of depression, anxiety, and stress whereas

higher self-compassion was linked to lower levels of depression, anxiety, and stress; and

self-compassion was found to be associated with less Instagram use. Slater and colleagues (2017)

found that the negative impact of social media use on body image could be mitigated as a result

of users seeing posts related to self-compassion on their timelines. Ultimately, the few studies

that have examined the relationship between social media use and self-compassion have focused

primarily on body image and most only regard Instagram use. Although this relationship is

currently understudied, certain research associations may indicate the possible connection. For

example, higher rates of social media use have been linked to both self-criticism and

self-directed negative affect (Jackson & Luchner, 2018). These associations are an antithesis of

what the practice of self-compassion entails, and as such it can be presumed that social media

use is likely to have an inverse relationship with levels of self-compassion.



SOCIAL MEDIA AND SELF-COMPASSION 16

Conclusions

The majority of studies conducted on social media use has related it to mental illness.

For example, prior research indicates a strong association between higher rates of social media

use and symptoms of poor mental health (e.g., depression, anxiety, low self-esteem). Additional

insight could be achieved if more research is conducted on social media’s relationship with some

aspects of positive psychology, a study of the mind focused on flourishing and fulfillment. Social

media use and its inverse relationship with mindfulness, a concept from positive psychology, has

been demonstrated. However, there are few studies conducted on social media use as it relates to

other aspects from positive psychology such as self-compassion. Understanding the dynamic

between self-compassion and social media use will provide a more comprehensive understanding

of the effects that social media use may be having on the human psyche. This study investigated

whether social media use predicted levels of self-compassion in college students, controlling for

numerous related variables (i.e., mindfulness, self-esteem, the FoMO, anxiety and dependence

on technology, social media affinity, social media fatigue,  social media addiction). The addition

of these secondary variables to our statistical models provided further insight to the research

questions, all of which are detailed in the statistical analysis section.
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Materials and Methods

Study Design Overview

The purpose of this study was to (1) replicate prior findings on social media use and

mental illness symptoms like depression, anxiety, and stress (i.e., investigate whether use on

specific social media apps predicts mental illness symptoms and vice versa); and (2) investigate

the relationship between social media use and self-compassion in college students. Specifically,

we were interested in whether time spent on the five social media apps predicted self-compassion

levels when controlling for various relevant secondary variables. Correlations and multiple linear

regressions were used to explore these objectives. Participants’ levels of self-compassion, social

media use, as well as other psychological and social media-related variables were assessed via a

web-based survey through Qualtrics, an online survey generating software. The primary outcome

variable, self-compassion, was measured using the Self-Compassion Scale (SCS; Neff, 2003b).

Social media use was quantified using values participants’ self-reported according to the Screen

Time feature on their smartphones (i.e., their daily average screen time on the five selected apps).

Various secondary variables were also measured, including some psychological variables

(i.e., mindfulness, self-esteem, depression, anxiety, stress) and some related to social media use

(i.e., fear of missing out, dependence on technology, social media affinity, social media fatigue,

social media addiction). For the psychological variables, the Mindful Attention Awareness Scale

(MAAS; Brown & Ryan, 2003) was used to measure mindfulness, the Rosenberg Self-Esteem

Scale (RSE; Rosenberg, 1965) was used to measure self-esteem, and the DASS-21 was used to

measure depression, anxiety, and stress (DASS-21; Lovibond & Lovibond, 1995). For the social

media use related variables, the Fear of Missing Out Scale (FoMOs; Przybylski et al., 2013) was

used to measure FoMO, anxiety/dependence on technology was measured using a subscale of the
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Media and Technology Usage and Attitudes Scale (MTUAS; Rosen et al., 2013), the Social

Media Affinity Scale (SMA; Gerlich et al., 2010) was used to measure affinity for social media

use, the Social Media Fatigue Scale (Bright et al., 2015) was used to measure social media

fatigue, and finally, social media addiction was measured using the Bergen Social Media

Addiction Scale (BSMAS; Andreassen et al. 2016). Each of these measures were in the Qualtrics

survey (see Appendix A) alongside other questions (e.g., demographics, Screen Time inquiries).

Once data collection was complete, a correlation matrix was constructed to analyze the

associations between all variables. Multiple regression analyses were then used to explore the

specific relationships of interest, such as that between social media use and mental illness

symptoms as well as that between social media use and self-compassion. In the first (i.e.,

replicatory) regression analyses, social media use was the outcome variable predicted by levels

of depression, anxiety, and stress; and then mindfulness and self-esteem, respectively. Then,

depression, anxiety, and stress were the outcome variables, predicted by the amount of time spent

on the five social media apps sequentially. We also investigated mindfulness and self-esteem as

outcome variables with the social media-related variables as possible predictors. The next

analyses (i.e., the primary research inquiries) featured self-compassion as the outcome variable

with time spent on the five social media apps selected for our study (i.e., Instagram, Facebook,

Twitter, TikTok, and Snapchat) factored in individually as potential predictors; as well as

self-compassion as the outcome variable with all the social media variables (e.g., the fear of

missing out, anxiety/dependence on technology, social media affinity, social media fatigue, social

media addiction, total social media use) as possible predictors. Self-compassion was added to the

models featuring social media use as predicted by the psychological variables (e.g., mindfulness,

self-esteem, depression, anxiety) to investigate whether adding self-compassion had an effect.
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We hypothesized that social media use and self-compassion would be significantly

inversely related. Time spent on the social media apps was hypothesized to directly predict

mental illness symptoms and inversely predict self-compassion. We further hypothesized that

controlling for the various secondary variables mentioned above would result in a furthered

understanding of our answer to the research questions and objectives.

Participants

Participants (N=182, M = 20.3 years old, SD = 1.3 years) were recruited from a pool of

college students enrolled in an educational psychology course at The University of Texas at

Austin, where they were granted course credit for participating in research. They were given

informed consent prior to taking the survey, which stated that the purpose of this study was to

evaluate the relationship between social media use and various psychological and social

media-related variables. 299 people took the survey in total, but 117 were removed from the final

data set. 32 incomplete responses (e.g., completed less than half of the survey) as well as

instances where instructions were clearly not followed (e.g., the participant reported screen time

values that couldn’t possibly be for a day’s use or gave the same response to every item on each

questionnaire) were removed. In addition, six participants who did not report screen time

estimates and 98 who did not have Screen Time data (i.e., Android users and those with iPhones

who did not have Screen Time enabled) were also removed. Finally, 10 outliers with abnormally

high Screen Time levels were also removed. There were three participants who did not use social

media at all. Thus, there was not enough data from those who do not use any social media, so we

were unable to conduct any between group analyses, and these people were also removed from

the final dataset. Consequently, we specified our total population of interest to be those who use

social media. For more information on our participants’ demographics, see Table 1.
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Materials and Measures

Each of the measures below (excluding Screen Time) can be found in Appendix A.

Social Media Use: Screen Time

Social media use was quantified using data that participants estimated and self-reported

based on values derived from the Screen Time feature on their Apple iPhones. Launched in 2018,

this relatively novel feature was released as part of iOS 12. Designed in part as a parental control

feature, any iPhone user can use Screen Time to view real-time values showing how much time

they spend on their iPhones, as well as information on the nature of their use. According to the

Apple website (2021), such information includes the times of the day someone is most active as

well as which apps they use the most. Users can also set time limits for use on certain apps and

schedule "downtime" (i.e., arranged times where only approved apps are available). Screen Time

features a variety of information on the amount of time that a smartphone user spends on and

engages with their “screens,” such as their daily screen time averages, most used apps, and

pickups (i.e., the amount of times that a user picks up and looks at their smartphone).

For the purposes of this study, participants’ were instructed to estimate their daily average

screen time in hours and minutes for each of the five social media apps selected to be included in

this research (i.e., Instagram, Facebook, TikTok, Twitter, Snapchat). They were then instructed to

self-report actual data as to their daily average screen time in hours and minutes for each of the

five social media apps according to the values on their Screen Time. Instructions were provided

as to how to find this information. Participants found their values for each of the apps by going

to Settings > Screen Time > See All Activity > Under Most Used > Click App > Daily Average

on their iPhones. They reported 5 of these values, one for each of the selected social media apps.
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These specific apps (i.e., Instagram, Facebook, TikTok, Twitter, Snapchat) were chosen

due to their similarities with one another and for control, as we did not want to include any apps

that were too dissimilar in nature. Instagram, Facebook, TikTok, Twitter, and Snapchat were all

chosen because they are among the most popular mobile social media apps. Moreover, they all

have very similar qualities. For example, all involve “friends” or a “followers” and “following”

dynamic, where users have the option to “add” other users as a means to essentially subscribe to

their content (i.e., becoming “friends” with or “following” a user means their new content will

appear on your home “feed”). They all feature a virtual messaging/private chat system, and

largely entail social networking. Additionally, all operate on an algorithm designed to assess

users interests (e.g., that underlying Instagram’s “Explore” page, TikTok’s “For You” page),

present users with content based on these assessments, and therefore increase user engagement.

Reddit and YouTube, two other very popular social media apps, were excluded from this study

due to their dissimilarities with the others. Specifically, the vast majority of users on both Reddit

and Youtube are relatively anonymous and primarily consume (i.e., they mostly view and discuss

or comment on content on these platforms as opposed to post content themselves). As for the

five apps selected for this study, however, public, personal interaction is highly prevalent.

Additional questions related to social media use were asked to further our understanding

of our participants’ proclivity for social media addiction, social media fatigue, social media

affinity, as well as their attitudes towards social media and technology in general. The measures

used are described in detail in the following pages. Participants were asked questions about the

nature of their social media use, such as whether they use social media for personal or business

reasons and how often they consume or produce (i.e., post) social media. Other questions about

the nature of their use were featured in the survey but were not used in data analysis.
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The Bergen Social Media Addiction Scale

The Bergen Social Media Addiction Scale was used to assess at-risk individuals for

social media addiction on the internet (BSMAS; Andreassen et al. 2016). The scale contains 6

items. Example items include “You spend a lot of time thinking about social media or planning

how to use it” or “You have tried to cut down on the use of social media without success.”

Participants indicated how frequently they relate with the statements on a 5-point Likert scale,

with 1 suggesting that participants experience the feelings “very rarely” and 5 indicating that

participants experience such feelings “very often.” Total scores were calculated by taking the

sum of all of the items. A higher score on the BSMAS suggests stronger addiction to social

media, and a score of over 19 indicates an individual is at-risk of developing problematic social

media use (Banyau et al., 2017). The Bergen Social Media Addiction Scale achieved high

internal consistency, (α = 0.88; Duradoni et al., 2020).

Social Media Fatigue Scale

The Social Media Fatigue Scale was used to assess an individual's likelihood of

withdrawing from social media because of feeling overwhelmed with the multifarious platforms,

having too many friends and followers online and spending too much time online maintaining

these connections (Bright et al., 2015). This scale contains 5 items. Example items include “I am

frequently overwhelmed by the amount of information available on social media sites” and

“When searching for information on social media sites, I frequently just give up because there is

too much to deal with.” Participants rated each statement on a 7-point Likert scale, with 1 being

that they “strongly disagree” with the statement and 7 indicating that they “strongly agree” with

the statement. Total scores were calculated by taking the mean of all of the items. Higher scores
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indicate higher levels of social media fatigue. The Social Media Fatigue Scale achieved good

reliability (α = 0.91, M = 4.14, SD = 1.39; Bright et al., 2015).

Social Media Affinity Scale

The Social Media Affinity Scale was used to assess an individual's inclination (or perhaps

aversion) towards using social media (SMA; Gerlich et al., 2010). This scale contains 13 items.

For the purposes of our questionnaire, the SMA Scale was adapted so that all mentions of ‘social

networking’ were made to say ‘social media’ as a means to make the questionnaire more modern

and relevant. Examples of items include “Social media is a great way for people to stay in touch

with one another” and “Social media makes people waste too much time.” Participants rated

each statement on a 5-point Likert scale, with 1 being that they “strongly disagree” with the

statement and 5 indicating that they “strongly agree” with the statement. Total scores were

calculated by taking the sum of all of the items after reverse coding four of the items. Higher

scores indicate a more positive attitude and inclination towards using social media, while lower

scores indicate a more negative attitude and disinclination towards using social media. The

Social Media Affinity Scale achieved strong internal reliability, (α = 0.77; Gerlich et al., 2010).

The Media and Technology Usage and Attitudes Scale: Anxiety/Dependence to Technology

The “Anxiety/Dependence” subscale of the Media and Technology Usage and Attitudes

Scale was used to assess participants’ overall dependence on technology and the internet as well

as the anxiety experienced when participants do not have access to these things (MTUAS; Rosen

et al., 2013). This subscale contains 3 items. Example items include “I get anxious when I don’t

have my cell phone” and “I am dependent on technology.”  Participants rated each statement on a

5-point Likert scale, with 1 suggesting that they “strongly disagree” with the statement and a 5

indicating that they “strongly agree” with the statement. Total scores were calculated by taking
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the mean of all of the items. Higher scores on this scale indicate higher levels of dependence and

anxiety surrounding technology and the internet. This scale demonstrated good internal

consistency (α = 0.83; Rosen et al., 2013).

The Fear of Missing Out (FoMO) Scale

The Fear of Missing Out Scale (FoMO) was used to assess the fear that an individual

associates with missing out on experiences (Przybylski et al., 2013). This scale contains 10

items. Example items include “I get anxious when I don’t know what my friends are up to” and

“I fear my friends have more rewarding experiences than me.” Participants rated each statement

on a 5-point Likert scale, with 1 suggesting that it is “not at all true of me” and 5 indicating that

the statement is “extremely true of me.” Total scores were calculated by taking the mean of all of

the items. Higher scores indicate higher levels of the fear of missing out (FoMO). This scale

demonstrated good internal consistency (α = .87; Perrone, 2016).

The Depression, Anxiety, and Stress Scale (DASS-21)

Items from the DASS-21 were included to replicate prior findings that demonstrated an

inverse relationship between these symptoms of psychopathology and self-compassion (Marsh et

al., 2018; Raes, 2010; Krieger et al., 2013) and a direct relationship between depression, anxiety,

and stress, and social media use (Primack et al., 2017; Dhir et al., 2018; Betul et al., 2020). The

DASS-21 was used to assess levels of depression, anxiety, and stress in an individual (DASS-21;

Lovibond & Lovibond, 1995). The scale contains 21 items, 7 items for each subscale. Example

items include “I was unable to become enthusiastic about anything” (depression), “I felt scared

without any good reason” (anxiety), and “I found it difficult to relax” (stress). Participants

indicated how much each statement applied to them over the past week. They rated each item on

a 4-point Likert scale, with 0 meaning that it  “did not apply to [them] at all” and 3 indicating
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that the statement “applied to [them] very much, or most of the time.” Scores for depression,

anxiety, and stress, respectively, were calculated by summing the items and multiplying them by

2. The DASS-21 has been demonstrated to reliably measure depression (α = .94), anxiety (α =

.87), and stress (α = .91) for undergraduate populations (Lovibond & Lovibond, 1995).

The Rosenberg Self-Esteem Scale

The Rosenberg Self-Esteem Scale was used to assess global self-worth by measuring for

both positive and negative feelings about the self (RSE; Rosenberg, 1965). The scale contains 10

items. Example items include “I take a positive attitude toward myself” or “I feel I do not have

much to be proud of.” Participants indicated how strongly they agree or disagree with each

statement on a 4-point Likert scale, with 0 suggesting that participants “strongly disagree” with

the statement and 3 indicating that participants “strongly agree” with the statement. After reverse

scoring for some items, total scores were calculated by taking the sum of all of the items. The

scale ranges from 0-30, with 30 being the highest score possible. Scores between 15 and 25 are

within a normal range, while scores below 15 suggest low levels of self-esteem (Crandal, 1973).

The RSE demonstrates a Guttman scale coefficient of reproducibility of .92, suggesting great

internal consistency. Test-retest reliability over a period of 2 weeks reveals correlations of .85

and .88, demonstrating superb internal stability (Rosenberg, 1979).

The Mindful Attention Awareness Scale

The Mindful Attention Awareness Scale was used to assess the capacity for mindfulness

in individuals, specifically their aptitude for openness and present moment awareness (MAAS;

Brown & Ryan, 2003). The scale contains 15 items. Example items include “I find it difficult to

stay focused on what’s happening in the present” or “I find myself preoccupied with the future or

the past.” Participants indicated how frequently they currently had each experience on a 6-point
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Likert scale, with 1 suggesting that participants “almost always” have that experience and 6

indicating that participants “almost never” have that experience. Total scores were calculated by

taking the mean of all of the items. According to a study by Brown and Ryan (2003), higher

scores reflected higher levels of dispositional mindfulness. Average scores for undergraduate

students in the research were 3.85, whereas zen meditators scored an average of 4.38. The scale

achieved high internal consistency and test–retest reliability (Brown et al., 2011).

The Self-Compassion Scale

The Self-Compassion Scale was used to assess global levels of self-compassion (SCS;

Neff, 2003b). The scale contains 26 items with 6 subscales representing the 3 positive and 3

negative components: mindfulness (e.g., “When something upsets me I try to keep my emotions

in balance”), self-kindness (e.g., “I try to be loving towards myself when I’m feeling emotional

pain”), common humanity (e.g., “When I’m down, I remind myself that there are lots of other

people in the world feeling like I am”); over-identification (e.g., “When something upsets me I

get carried away with my feelings”), self-judgment (e.g., “I’m disapproving and judgemental

about my own flaws and inadequacies”), and isolation (e.g., “When I fail at something that’s

important to me, I tend to feel alone in my failure”). Participants indicated how often they

behave in the stated manner on a 5-point Likert scale, with 1 suggesting that participants “almost

never” behave in that way and 5 indicating that participants “almost always” behave in that way.

After reverse scoring for the items from the negative subscales, total scores were calculated by

taking the mean of each subscale and then computing a total mean of all six subscales. As an ad

hoc rubric, you can consider scores 1.0-2.49 to be low, between 2.5-3.5 to be moderate, and

3.51-5.0 to be high levels of self-compassion (Neff, 2003a). This scale has good test-retest

reliability (α = .93) and internal reliability (α = .92; Neff, 2003b).
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Demographics

Demographic information such as age, academic class standing, gender, race/ethnicity,

and socioeconomic status was also collected from participants (see Table 1).

Procedure

Participants responded to a web-based survey through Qualtrics. They were given

informed consent, which stated that the purpose of this study was to evaluate the relationship

between social media use and various psychological variables. They were then notified that they

could withdraw from participation at any time. After being briefed and given informed consent,

participants responded to the Self-Compassion Scale (SCS; Neff, 2003b), the Mindful Attention

Awareness Scale (MAAS; Brown & Ryan, 2003), the Rosenberg Self-Esteem Scale (RSE;

Rosenberg, 1965) and the Fear of Missing Out Scale (FoMOs; Przybylski et al., 2013) first.

These scales and the items within them were randomized in the survey. Participants were then

asked whether or not they used social media. Participants who did use social media were asked

to select from a list of social media platforms (Instagram, Facebook, TikTok, Twitter, Snapchat)

the ones that they use on a regular basis. Without looking at their phone, these participants who

did use social media were asked to provide estimates as to how much time they believe they

spend on each of the five apps, on average, in a day.

Participants then responded to the anxiety/dependence to technology subscale of the

Media and Technology Usage and Attitudes Scale (MTUAS; Rosen et al., 2013), the Social

Media Affinity Scale (SMA; Gerlich et al., 2010), the Social Media Fatigue Scale (Bright et al.,

2015) and the Bergen Social Media Addiction Scale (BSMAS; Andreassen et al. 2016). These

scales and the items within them were also randomized in the survey.
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Participants were then asked whether they had their Screen Time data enabled.

Instructions as to how to find this information were provided, and those who had access to their

Screen Time data were prompted to report their daily averages for each of the social media apps.

Finally, demographic information was collected and participants were granted course credit for

their participation. Only those who had Screen Time enabled were included in the final dataset.

Statistical Analysis

Data was downloaded directly from Qualtrics to a csv file/excel format and underwent

data cleaning by the researchers. Part of this process was verifying the accuracy of the entries,

and MCAR values (i.e., missing completely at random) were handled by imputation (i.e., taking

the mean of the other values in that column). Incomplete responses (e.g., took less than half of

the survey), instances were instructions were clearly not followed (e.g., the participant reported

screen time values that couldn’t possibly be for a day’s use or gave the same response to every

item on each questionnaire), participants who did not provide screen time estimates, those who

did not have access to Screen Time data (i.e., Android users and those with iPhones who did not

have Screen Time enabled), participants with abnormally high Screen Time rates, and those who

did not use any social media at all were removed from the final dataset. Excel and RStudio were

used to conduct all data analyses, all of which is detailed below.

The means and standard deviations for all of the numerical variables were calculated.

After checking for assumptions (i.e., linearity, independence, homoscedasticity, multivariate

normality, and multicollinearity), a correlation matrix of all psychological and social media

variables was examined. We were most interested in how self-compassion scores related to the

social media variables (e.g., social media addiction, social media fatigue) and how the social

media variables related to the psychological and wellbeing variables (e.g., self-compassion,
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mindfulness, self-esteem, depression, anxiety, stress). Multiple linear regressions were built and

analyzed as a means to achieve a more well-rounded comprehension on how these variables

associate with and predict one another, and interesting results were later achieved.

Given the exploratory nature of this study, several multiple linear regressions were

conducted to better understand the connection between self-compassion and social media use

(i.e., whether social media use predicts self-compassion and vice versa). Multiple regression

analyses were also conducted to account for any potential influence resulting from the secondary

variables (e.g., FoMO, social media affinity, self-esteem). This study had replicatory (i.e., social

media use and its relationship with mental illness, mindfulness, and self-esteem) as well as

primary and secondary analyses based on our various research questions:

Replicatory Research Inquiries. Does social media use predict mental illness symptoms

(i.e., depression, anxiety, stress); and conversely, do levels of these mental illness symptoms

predict social media use? Does social media use continue to predict aspects from positive

psychology like levels of mindfulness and self-esteem? The first model featured social media use

as predicted by depression, anxiety, and stress. The second model featured social media use as

predicted by mindfulness and self-esteem. Then, the third model entailed depression as predicted

by time spent on the five social media apps. The fourth model involved anxiety as predicted by

time spent on the five social media apps. The fifth model featured stress as predicted by time

spent on the five social media apps. Our sixth model featured mindfulness as predicted by the

various social media related variables (i.e., total social media use, FoMO, anxiety/dependence on

technology, social media affinity, social media fatigue, social media addiction), and finally, the

seventh model for our replicatory inquiries featured self-esteem as predicted by the various

social media related variables mentioned above.



SOCIAL MEDIA AND SELF-COMPASSION 30

Primary Research Questions. Does social media use predict self-compassion levels?

Are social media-related variables predictive of self-compassion? Does self-compassion predict

social media use when controlling for various psychological variables? Our eighth model, which

sought to aid in answering the primary research question, featured self-compassion as predicted

by individual time spent on the five social media apps. The ninth model involved

self-compassion as predicted by the various social media related variables (i.e., total social media

use, FoMO, anxiety/dependence on tech, social media affinity, social media fatigue, social media

addiction). The tenth model featured total social media use as predicted by depression, anxiety,

and stress controlling for self-compassion. The eleventh model featured social media use as

predicted by mindfulness and self-esteem controlling for self-compassion. The latter two

analyses (models ten and eleven) were built as a means to investigate whether adding

self-compassion to these replicatory models had an effect on overall social media use.
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Results

Correlations

A correlation matrix was generated to investigate the associations between the variables

(see Table 2). There were significant correlations between many of the variables, resulting in

some concern surrounding the potential for multicollinearity among the variables. A variance

inflation factor (VIF) analysis was conducted and the resultant scores did not indicate the

presence of any collinearity issues. Regarding the relationship between social media use and

self-compassion, the tendency for total social media use to negatively correlate with

self-compassion did not reach significance, r(182) = -.07, p > 0.35. Figure 1 illustrates this

association between total social media on the five selected apps and self-compassion scores.

When investigating whether use on specific social media apps resulted in significant

associations with self-compassion, an alternate correlation matrix was created (see Table 3). Tik

Tok use was the only significant correlator with self-compassion among the five social media

apps chosen for this study, r(180) = -.19, p = .01. Figure 2 illustrates this significant association

between time spent on Tik Tok and self-compassion.

All other correlations between the many variables included in this study can be seen on

Tables 2 and 3. Nevertheless, mere correlations only provide so much insight as to the ways in

which these variables relate to and predict one another. Thus, further statistical investigation was

prompted (all of which are detailed below). Using multiple linear regression analyses, more

information concerning our data was revealed. Resultant data analysis included replicatory (i.e.,

social media use and its relationship with mental illness, mindfulness, and self-esteem) as well as

primary (i.e., self-compassion as outcome variable) and secondary analyses (i.e., social media as

outcome variable) based on our various research questions.
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Multiple Linear Regressions

Replicatory Research Inquiries. Does social media use predict mental illness symptoms

(i.e., depression, anxiety, stress); and conversely, do levels of these mental illness symptoms

predict social media use? Does social media use continue to predict aspects from positive

psychology like levels of mindfulness and self-esteem?

Multiple linear regression was used to investigate whether participants' levels of

depression, anxiety, and stress predicted their overall social media use. The results of this

regression indicated that neither depression (t(178) = .50, p = .62), anxiety (t(178) = 1.19, p =

.24), nor stress (t(178) = -0.14, p = .89) significantly predicted total time spent on social media

among our participants (R2 = .03, F(3,178) = 1.6, p = .19). Multiple linear regression was also

used to examine whether participants’ levels of mindfulness and self-esteem predicted their

overall social media use. The results of this regression indicated that neither mindfulness (t(179)

= -1.6, p = .10) nor self-esteem (t(179) = -0.64, p = .53) significantly predicted total time spent

on social media among our participants (R2 = .02, F(2,179) = 2.19, p = .11; see Table 4).

Using multiple linear regression, we further investigated whether the amounts of time

participants’ spent on the five social media apps individually predicted their levels of depression.

The results of this regression indicated that Instagram (t(176) = -2.61, p = .01), Facebook (t(176)

= 1.91, p = .05), and TikTok (t(176) = 2.45, p = .02) significantly predicted depression levels

among the participants (R2 = .10, F(5,176) = 3.98, p = .002). According to this model, time spent

on the five social media apps in aggregate explained roughly 10% of the variance in depression

levels. We also investigated whether the amounts of time participants’ spent on the five social

media apps individually predicted their levels of anxiety. The results of this regression indicated

that Instagram (t(176) = -1.8, p = .07), Twitter (t(176) = 3.27, p = .001), and Snapchat (t(176) =
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1.8, p = .08) significantly predicted anxiety levels among the participants (R2 = .12, F(5,176) =

4.7, p = .0005). According to this model, time spent on the five social media apps in aggregate

explained roughly 12% of the variance in levels of anxiety. In addition, we used multiple linear

regression to investigate whether the amounts of time participants’ spent on the five social media

apps individually predicted their levels of stress. The results of this regression indicated that

Instagram (t(176) = -1.8, p = .07) and Twitter (t(176) = 1.71, p = .09) significantly predicted

stress levels among the participants (R2 = .07, F(5,176) = 2.53, p = .03). According to this model,

time spent on the five social media apps in aggregate explained roughly 7% of the variance in

levels of stress. See Table 5 to view these multiple regression analyses.

Multiple linear regression analysis was further used to investigate whether participants'

levels of social media-related variables (i.e., total social media use, FoMO, anxiety/dependence

on tech, social media affinity, social media fatigue, social media addiction) predicted their levels

of mindfulness. The results of this regression indicated that FoMO (t(175) = -3.8, p = .0002),

anxiety/dependence to technology (t(175) = -2.6, p = .01), and social media affinity (t(175) =

2.16, p = .03) significantly predicted participants’ mindfulness rates (R2 = .20, F(6,175) = 7.34, p

< 0.001). According to this model, participants’ responses to the social media related variables

explained roughly 20% of the variance in levels of mindfulness. We also investigated whether

participants' levels of social media-related variables (i.e., total social media use, FoMO,

anxiety/dependence on tech, social media affinity, social media fatigue, social media addiction)

predicted their levels of self-esteem. The results of this regression indicated that FoMO (t(175) =

-3.7, p = .0003) significantly predicted participants’ rates of self-esteem (R2 = .12, F(6,175) =

3.90, p = 0.001). According to this model, participants’ responses to the social media related

variables explained roughly 12% of the variance in levels of self-esteem (see Table 6).
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Primary Research Questions. Does social media use predict self-compassion levels? Are

social media-related variables predictive of self-compassion? Does self-compassion predict

social media use when controlling for various psychological variables?

A multiple linear regression analysis was used to investigate whether the amounts of time

participants’ spent on the five social media apps individually predicted their levels of

self-compassion when controlling for gender. Of the five social media apps selected for this

study, the results of this regression indicated that the specific use of TikTok (t(175) = -2.04, p =

.04) significantly predicted levels of self-compassion among our participants (R2 = .07, F(6,175)

= 2.22, p = .04), suggesting that the more someone used Tik Tok, the less self-compassionate

they tended to be. None of the other social media apps were found to be significantly associated

with lower levels of self-compassion. According to this model, time spent on the five social

media apps in aggregate explained roughly 7% of the variance in levels of self-compassion. For

more information on this primary multiple linear regression, see Table 7.

Multiple linear regression was also used to investigate whether participants' levels of

social media-related variables (i.e., total social media use, FoMO, anxiety/dependence on tech,

social media affinity, social media fatigue, social media addiction) predicted their levels of

self-compassion when controlling for age. The results of this regression indicated that the Fear of

Missing Out (t(174) = -4.03, p < 0.001), anxiety/dependence to technology (t(174) = -1.72, p =

.09), and social media affinity (t(174) = 2.66, p = .009) were significant predictors of

self-compassion levels among our participants (R2 = .16, F(7,174) = 4.59, p < 0.001). According

to this model, responses to the social media-related variables mentioned above and participants'

age explained roughly 16% of the variance in levels of self-compassion (see Table 8).
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Multiple linear regression was also used to investigate whether participants' social media

use was predicted by their levels of depression, anxiety, and stress, controlling for their levels of

self-compassion. The results of this regression indicated that neither depression (t(177) = .51, p

= .61), anxiety (t(177) = 1.16, p = .25), stress (t(177) = -0.09, p = .93), nor self-compassion

(t(177) = 0.14, p = .89)  significantly predicted total time spent on social media among our

participants (R2 = .03, F(4,177) = 1.2, p = .31). Multiple linear regression was further used to

investigate whether participants' social media use was predicted by their levels of mindfulness

and self-esteem, controlling for their levels of self-compassion. The results of this regression

indicated that neither mindfulness (t(178) = -1.65, p = 10), self-esteem (t(178) = -0.65, p = .52),

nor self-compassion (t(178) = 0.27, p = .79) significantly predicted time spent on social media

among our participants (R2 = .02, F(3,178) = 1.48, p = .22). See Table 9 for additional

information about this linear regression.

Other Exploratory “Findings”. Some questions about the specific social media apps

were included in the survey for curiosity’s sake per the interests of the researcher. Generally,

most participants considered TikTok to be the most addicting, Instagram to be the most “toxic”

(i.e., problematic) yet fun to use, and Snapchat to be the most harmless (i.e., reduced

psychological effect when compared to other apps). When asked which of these five apps

participants’ would have a hard time giving up, Instagram was the most common response.

When asked which of the five apps participants’ would delete if they had to, Facebook was the

most common response. The majority of respondents agreed that social media has made life

more complicated and has made people more isolated. Most participants answered neutrally

when asked whether social media results in more individual and societal good than harm.
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Discussion

The present study investigated whether social media use predicted levels of

self-compassion in college students, controlling for numerous related variables (i.e., mindfulness,

self-esteem, the FoMO, anxiety and dependence on technology, social media affinity, social

media fatigue, social media addiction). The addition of these secondary variables to our

statistical models provided further insight to the replicatory and primary research questions.

Replicatory Research Inquiries

The replicatory research resulted in some fascinating outcomes. Although depression,

anxiety, stress, mindfulness, and self-esteem did not significantly predict social media use,

further investigation on the effects of using specific social media apps provided some insight.

Facebook and TikTok directly predicted levels of depression. On average, the more participants’

used Facebook  and TikTok, the more depressed they were. This is consistent with prior research

that found Facebook and TikTok use to be associated with depressive disorder (Jelenchick et al.,

2014; Sha & Dong, 2021). Twitter directly predicted both anxiety and stress. On average, the

more participants’ used Twitter, the more anxious and stressed they were, consistent with

research findings from Guntuku and colleagues (2019). Interestingly, Instagram negatively

predicted depression, anxiety, and stress, suggesting that, on average, the more participants used

Instagram, the less depressed, anxious, and stressed they were.

All of these social media apps operate on complex algorithms that predict what kinds of

content will keep users engaged. This is done as a means to keep participants on the platform for

as long as possible each day and to increase engagement and exposure to advertisements. Doing

so may make users more susceptible to increased social media use and the negative

psychological consequences that can result from it. Results concerning the psychological effects
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of Instagram use were unique, however. Instagram was rated by our participants as being the

most potentially problematic but fun social media app to use, meaning that user enjoyment may

be mitigating any negative effects that may result from its use.

FoMO and anxiety/dependence on technology were significant negative predictors of

mindfulness levels, indicating that the more participants feared missing out or experienced

anxiety around being without their technology, the lower their mindfulness scores were on

average. FoMO was also a significant negative predictor of self-esteem, suggesting that those

with higher levels of FoMO had lower self-esteem, on average. Mindfulness was directly

predicted by social media affinity, however, indicating that the more keen participants were

towards using social media (i.e., perceived social media use as being useful and enjoyable), the

more mindful they tended to be.

Our findings support those found in prior research; for example, FoMO has been found to

be negatively associated with mindfulness (Baker et al., 2016) and self-esteem (Uram & Skalski,

2020). Both FoMO and technological dependence involve some form of anxiety, which has been

found to be negatively associated with mindfulness (Desrosiers et al., 2013), therefore, it makes

sense that both variables negatively correlate with mindfulness as well. With regard to the

relationship between mindfulness and social media affinity, however, it is evident that the degree

to which users find social media to be enjoyable and useful could be having a protective effect on

any negative repercussions on mindfulness that tend to result from social media use (Apaolaza et

al., 2019). In other words, users who find social media to be useful and enjoyable may be more

likely to be mindful when using social media, and therefore less affected psychologically by any

harms related to social media use.
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To summarize, psychological distress and mental illness symptoms may be direct related

with social media use for a variety of reasons, such as the upwards social comparison that’s

frequently involved in its use (i.e., associated with lower self-esteem; Silber & Tippet, 1965) or

the experience of FoMO which has been found to be heightened by social media use (i.e., and

FoMO correlates significantly with anxiety and depression; Reagle, 2015). Ultimately, there are

many possible explanations as to the relationship between social media use and symptoms of

psychopathology, all of which are likely to be brought about by using any one of the five social

media apps selected for this study (i.e., Instagram, Facebook, TikTok, Twitter, Snapchat),

considering that they are all conducive to such explanations.

Primary Research Questions

Based on our results as well as findings from prior research, it is evident that use on

specific social media apps may be having a more adverse effect on mental health and aspects

from positive psychology (e.g., mindfulness, self-compassion) than others. In the present study,

when examining whether use on specific apps predicted levels of self-compassion in our

participants, it was found that time spent on TikTok was the sole significant predictor of

self-compassion. TikTok use negatively predicted self-compassion, meaning that the more

someone used TikTok, the less self-compassionate they tended to be. None of the other social

media apps were found to significantly predict lower levels of self-compassion. Factoring gender

into the model did not have an effect on statistical significance. TikTok was rated as being the

most addicting of the social media apps by our participants, a possible explanation as to why it’s

use had such a profound negative impact on levels of self-compassion, considering that

self-compassion negatively associates with other forms of addiction such as substance abuse

(Phelps et al., 2018). TikTok is a relatively new social media site when compared to the other
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four selected for this study. Research has noted TikTok’s popularity and have noted that it is

particularly vulnerable to the spread of hateful and inappropriate content due to lacking

regulation standards (Weimann & Masri, 2020), and have acknowledged that TikTok has the

power to be incredibly addictive especially to younger audiences (Manzar et al., 2020). It is

evident that using TikTok may be problematic, a possible explanation as to why its use

negatively predicts self-compassion levels.

TikTok use was not the only variable to negatively predict self-compassion at a level of

significance. FoMO and anxiety/dependence on technology were also significantly predictive of

levels of self-compassion, indicating that the more participants feared missing out or experienced

anxiety surrounding being without their technology, the lower their self-compassion scores were

on average. Factoring age into this model did not have an effect on statistical significance. Such

as with mindfulness, however, social media affinity was interestingly a direct predictor of

self-compassion, suggesting that the more keen participants’ were towards using social media

(i.e., perceived it as being useful and enjoyable), the more self-compassionate they tended to be.

This finding, when considered alongside the finding about social media affinity and mindfulness,

further suggests that social media affinity may be a protective factor against the negative

psychological effects associated with social media use. It seems that whether a person finds using

social media to be enjoyable and useful plays a significant role in the psychological effects of

their use.

Implications

An increasing amount of research is supporting the notion that social media use may pose

a harm to the mental health of its users. Since social media is in its infancy, relatively speaking, it

is considerably important that we closely monitor the effect, both individually and societally, that
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it is having on the people who use it, especially if increasing amounts of research demonstrate

that it may be damaging psychologically. As social media use continues to become more

complex and widespread, and at a rapid rate, the importance of this issue becomes progressively

pressing. This topic is highly relevant in today’s day and age. As mental illness is on the rise in

the United States (Whitaker, 2005), especially among adolescents and young adults

(McCloughen et al., 2012; Houghton et al., 2015; Elliot and Urry, 2010), it is possible that the

inception of social media is contributing to this increase in mental illness.

Today’s adolescents and young adults are considerably the first generation to have grown

up with both the internet and social media. As a result, psychological research should continue to

investigate the effects of social media on mental health, especially among adolescents and young

adults. Mental illness is a significant contributor to the global burden of disease, and if it is

possible that social media use is exacerbating symptoms of psychopathology, this warrants

further investigation as to what we as a society can do to thwart the psychological ramifications

of social media use. However, this responsibility may not only fall on the users but onto those

who developed the social media platforms as well.

One might argue that social media developers also have a certain responsibility to thwart

any ramifications that may be resulting from use on their apps, perhaps by designing the apps in

a way that is not so potentially burdensome on the mental health of its users. As it is somewhat

known, social media developers, such as those who work at Facebook and YouTube, designed

their sites with the objective of captivating our attention in mind. Over the years, social media

sites have become increasingly innovative with their tactics to keep users on the apps engaging

with the content for as long as possible (e.g., the addition of the “Like” button to the Facebook

interface increased engagement on the site). It has been said that social media is not the product,
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and that it is instead human attention that is the commodity, sold to paying advertisers seeking to

promote their products through the virtual medium of apps like Instagram and Tik Tok. As such,

the goal is to garner as much of the users' awareness as possible as a means for more exposure to

advertisements: how Big Tech and social media developers make much of their ample earnings.

Tik Tok, our significant negative predictor of self-compassion, has been said to have the

most complexly intellectual algorithm of any social media app to date, one that is said to

understand the wants and interests of the user to an utmost degree. Similarly to YouTube’s

“Recommended” feature, the algorithm for Tik Tok’s “For You” page only displays videos that it

has assessed the user probably likes, all of them short (i.e., under 60 seconds), but oftentimes

highly stimulating; resulting in the potentiality for users to become ‘lost' on the app for as long as

multiple hours each day. This is because the algorithms reward engagement by becoming

“stronger” (i.e., the algorithm becomes increasingly better at analyzing the users interests and

presenting them with the types of content they want to see). While some are seemingly unphased

by the increasing prevalence of social media use in modern day society, others are growing

concerned with the impacts of use on the multifarious social media apps, and a select few are

taking concrete steps towards addressing these issues.

Recently, a former Facebook data scientist by the name of Frances Haugen exposed the

platform and its developers for engaging in unethical activities (e.g., omitting vital information

about what was known about Facebook and Instagram's potential to cause harm) as well as

blatant disregard for the wellbeing of its users (e.g., negative impacts on mental health resulting

from social media use have been well-demonstrated in the literature). Resultantly, Facebook

CEO Mark Zuckerberg came under fire for designing a platform that appears, if allegations are

true, to prioritize “profits over people.” Following these events and the proclamations of the
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whistleblower, many agree that social media apps and the design thereof warrants monitoring

and regulation, however there is currently an obstruction to the implementation of this. It has

been nearly 30 years since the last time internet regulation laws were changed in 1996. Over the

years, social media developers have become increasingly aware of their capacity to capitalize on

human attention, and the lack of internet regulation is doing nothing to manage and control this.

Ultimately, it seems that social media apps are designed in a way that is not prioritizing user

well-being from both a psychological and physical perspective (e.g., increased social media use

means increase in sedentary behavior). As research initiatives on the effects of social media use

increase, as does the seriousness of calls to action to design social media in a way that does not

psychologically harm its users. As such, the results of this research and similar studies can be

said to have psychological, sociological, and business ethical implications.

Limitations & Future Directions

This study had several limitations. For example, we only used data that represented

mobile social media use (i.e., via a smartphone) as opposed to social media that was accessed via

a laptop or a desktop computer. Moreover, in this study we examined time spent on five popular

specific social media apps (i.e., Instagram, Facebook, TikTok, Twitter, Snapchat), but  there are

numerous other social media platforms that college students use (e.g., Reddit, YouTube).

Therefore our data may not be representative of participants’ total social media use. Future

research should consider collecting more exhaustive data on social media use, including other

possible apps and mediums (e.g., phone, laptop).

The generalizability of these findings are limited given our sample of 18-24 years old

undergraduate students who were primarily women (68.1%) and who were primarily white

(45.6%). College students are not only more susceptible to mental illness (relative to the general
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population) but they are also more likely to engage in compulsive social media use, thus, a

sample population of college students seemed justified for the purposes of this study. Data

collected from other populations containing a wider age range (i.e., including children and

adolescents as well as millennials, the considerable first generation to grow up on the internet),

however, may provide more insight as to the effects of using social media for different

populations. Future research should continue to collect social media data that is inclusive of all

ages, as it is very likely that social media use and the effects resulting from it vary by age.

There are also some drawbacks to self-reported data. Although it is an easy way to collect

information, there is a possibility of individual bias and reported values that are inaccurate. A

more rigid way of collecting screen time data, such as collecting screenshots from participants’

smartphones, would be beneficial for future research. In doing so, researchers would have a more

objective measure of social media use, as opposed to a more subjective one.

Finally, this study was correlational in nature so we cannot assume causation.

Intervention studies are required to see whether limiting the amount of time one spends on social

media apps reduces mental health symptoms. Self-compassion interventions may also buffer the

impact of social media on mental health.For example, practicing self-compassion could be an

effective intervention for compulsive (i.e., addictive) social media use. Based on the results

achieved in the present research, future studies should continue to explore the effects of use on

specific social media apps and platforms. Future research may also consider examining

psychological outcomes resulting from the use of dating apps, another intriguing novelty brought

about by the establishment of the internet and mobile smartphones.
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Conclusion

This study provides further clarity about the effects of social media use on the human

psyche. Specific social media apps may have a more adverse effect on mental health (e.g.,

depression) while others may have more benefits for aspects from positive psychology (i.e.,

self-compassion). For example, although total social media use had no correlation with

self-compassion, TikTok use was a significant predictor of depression and lower levels of

self-compassion. FoMO and technological dependence were also significant negative predictors

of self-compassion. Thus, further investigation is warranted as to the effect of social

media-related variables and use on specific social media apps.
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Tables

Table 1

Sociodemographic Characteristics of Participants

Demographic Characteristic n %

Gender
Men
Women
Non-Binary

54
124
4

29.7
68.1
2.2

Collegiate Class
Freshman
Sophomore
Junior
Senior

10
17
37
40

9.6
16.3
35.6
38.5

Ethnicity
African American/Black
Asian/Pacific Islander
Caucasian/White
Hispanic/Latinx
Middle Eastern/Arab
Native American
Multiracial
Other

9
41
83
37
3
1
5
3

4.9
22.5
45.6
20.3
1.6
0.5
2.7
1.6

Note. N = 182. Participants were on average 20.3 years old (SD = 1.3 years).
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Table 2

Correlation Matrix for all Study Variables

a Est. SM Use refers to participants’ total estimated time spent on social media across all apps.

b Actual SM Use refers to participants’ total actual time spent on social media across all apps

(i.e., composite number calculated by taking the sum of all of their daily averages, in hours, for

each of the five social media apps, using participants’ Screen Time data)

p < .05* < .01** < .001***
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Table 3

Correlation Matrix: Self-Compassion and Time Spent on Specific Apps

Note. p < .05* < .01** < .001***
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Table 4

Multiple Regression Analyses Results: Effect on Social Media Use by Psychological Variables

Effect Estimate SE df t-value p

Social Media Use

Intercept 2.45 .28 178 8.87 < .001***

Depression .01 .03 178 .50 .62

Anxiety .03 .02 178 1.19 .24

Stress -.003 .03 178 -.14 .89

Social Media Use

Intercept 4.37 .76 179 5.78 < .001***

Mindfulness -.34 .21 179 -1.63 .10

Self-Esteem -.02 .03 179 -.64 .53

Note. Two distinct linear models were built to investigate whether various psychological

variables predicted total time spent on social media. The first featured psychopathological

symptoms (i.e., depression, anxiety, stress) as predictors, and the second featured positive

psychological aspects (i.e., mindfulness, self-esteem) as predictors. This was replicatory.

p < .05* < .01** < .001***
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Table 5

Multiple Regression Analyses Results: Effect on DASS-21 by Use on Indiv. Social Media Apps

Effect Estimate SE df t-value p

Depression

Intercept 11.19 1.30 176 8.63 < .001***

Instagram Use -2.44 .93 176 -2.61 .01**

Facebook Use 4.15 2.17 176 1.91 .06 .

TikTok Use 1.36 .56 176 2.45 .02*

Twitter Use 1.68 1.34 176 1.23 .21

Snapchat Use .78 1.15 176 .67 .50

Anxiety

Intercept 9.67 1.25 176 7.75 < .001***

Instagram Use -1.62 .89 176 -1.80 .07 .

Facebook Use 2.43 2.09 176 1.16 .25

TikTok Use .38 .54 176 .70 .48

Twitter Use 4.22 1.29 176 3.27 .001**

Snapchat Use 1.99 1.12 176 1.77 .08 .

Stress

Intercept 14.48 1.23 176 11.77 < .001***

Instagram Use -1.64 .89 176 -1.84 .07 .

Facebook Use .96 2.06 176 .47 .64

TikTok Use .84 .53 176 1.60 .11

Twitter Use 2.18 1.27 176 1.71 .08 .

Snapchat Use 1.20 1.11 176 1.09 .28

Note. Three distinct linear models were built to investigate whether use on specific social media

apps predicted levels of depression, anxiety, and stress, respectively. This was replicatory.

p < .1 . p < .05* < .01** < .001***
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Table 6

Multiple Regression Analyses: Effect on Mindfulness and Self-Esteem by Social Media Variables

Effect Estimate SE df t-value p

Mindfulness

Intercept 4.25 .49 175 8.60 < .001***

Social Media Use -.02 .03 175 -.71 .48

Fear of Missing Out -.25 .07 175 -3.79 .0002***

Dependence to Tech -.16 .06 175 -2.56 .011*

Social Media Affinity .02 .01 175 2.16 .03*

Social Media Fatigue -.002 .05 175 -.05 .96

Social Media Addiction -.018 .01 175 -1.46 .15

Self-Esteem

Intercept 20.23 4.11 175 4.92 < .001***

Social Media Use -.08 .22 175 -.38 .71

Fear of Missing Out -2.05 .55 175 -3.74 .0003***

Dependence to Tech -.46 .51 175 -.90 .37

Social Media Affinity .13 .08 175 1.59 .11

Social Media Fatigue .005 .39 175 .01 .99

Social Media Addiction -.07 .10 175 -.72 .47

Note. Two distinct linear models were built to investigate whether specific social media-related

variables predicted levels of mindfulness and self-esteem, respectively. This was also replicatory.

p < .1 . p < .05* < .01** < .001***
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Table 7

Results of the Multiple Regression Analysis: Effect on Self-Compassion by Social Media App

Effect Estimate SE df t-value p

Self-Compassion

Intercept 2.94 .11 175 25.65 < .001***

Instagram Use .08 .06 175 1.25 .21

Facebook Use -.11 .15 175 -.71 .48

TikTok Use -.08 .04 175 -2.04 .04*

Twitter Use -.04 .09 175 -.46 .65

Snapchat Use .06 .08 175 .77 .44

Gender -.17 .10 175 -1.65 .10

Note. p < .05* < .01** < .001***

Table 8

Results of the Multiple Regression Analysis: Effect on Self-Compassion by Social Media Variable

Effect Estimate SE df t-value p

Self-Compassion

Intercept 2.59 .92 174 2.82 < .01**

Social Media Use .006 .03 174 .24 .81

Fear of Missing Out -.25 .06 174 -4.03 < .001***

Dependence to Tech -.09 .06 174 -1.72 .09 .

Social Media Affinity .02 .008 174 2.66 .009**

Social Media Fatigue .06 .04 174 1.43 .15

Social Media Addiction -.01 .01 174 -1.16 .25

Age .001 .04 174 .05 .96

Note. p < .1 . p < .05* < .01** < .001***
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Table 9

Multiple Regression Analyses Results: Effect on Social Media Use by Psychological Variables 2

Effect Estimate SE df t-value p

Social Media Use

Intercept 2.31 1.00 177 2.31 .022*

Depression .01 .02 177 .51 .1

Anxiety .02 .02 177 1.1 .25

Stress -.003 .03 177 -.09 .93

Self-Compassion .04 .28 177 .14 .89

Social Media Use

Intercept 4.29 .82 178 5.22 < .001***

Mindfulness -.35 .32 178 -1.65 .10

Self-Esteem -.02 .04 178 -.65 .51

Self-Compassion .08 .31 178 .27 .79

Note. p < .05* < .01** < .001***
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Figures

Figure 1

Tendency for Social Media Use to Inversely Correlate with Self-Compassion was Not Significant

Note. Although there was a negative correlation found between self-compassion scores and total

time spent on social media (represented by the dashed trendline on the plot), it was a weak

association, r(182) = -.07, p > 0.35.
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Figure 2

Tik Tok Use Significantly, Negatively Correlated with Self-Compassion

Note. While not all of our participants used Tik Tok (as indicated by the data points along the

y-axis), it’s evident that, among those who do, more hours spent on Tik Tok correlated with

lower levels of self-compassion, on average, r(180) = -.19, p < .01.
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Appendix A - Questionnaires

Bergen Social Media Addiction Scale

(BSMAS; Andreassen et al., 2016)

Fear of Missing Out Scale

(FoMOs; Przybylski et al., 2013)
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Rosenberg Self-Esteem Scale

(RSE; Rosenberg, 1965)
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Mindful Attention Awareness Scale

(MAAS; Brown & Ryan, 2003)
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Self-Compassion Scale

(SCS; Neff, 2003b)
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DASS-21 Scale

(DASS-21; Lovibond & Lovibond, 1995)
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Social Media Fatigue Scale

(Bright et al., 2015)

Social Media Affinity Scale

(SMA; Gerlich et al., 2010)
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The Media and Technology Usage and Attitudes Scale

Specifically, the Attitudes. Subscale // Dependence Subscale [3 items]

(MTUAS; Rosen et al., 2013)


